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Discriaiasnt fUnction analyses utilizing Washington_ Pre-College_ aptitude/
athieveimint Variables an'a Vocational Interest InveniOry scores were
performed 'to predictiraduatinA,major fot ane 1975 W gradUates (No552)
in e_liven majors. Nail* both types of pri-college measures classified
more' graduates correctly than utilizing the cognitive or ,.temist areasures;-,alone. Suggeltkois for 'improved feedback_ in thesWPC progrpam Vare made so'ea to provide tyre high school juniors with (1)'3 profile scOiss -(basid

z,On three..diecriainant functions); (2) a graphic' -presentation
PIO of Aptitude and Interest proiiles for;`)Typical college Graduates,/4 13) a -rank-ordering-of eleven colloke majors in bevies- of their closeness

to the student's- three profile scores,/
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-college major Similarity Profiles Blaiied on SelectedYashington

-Pre-Collagelleasuresand VerdiEaTInterest'Invehtory Scores.

/Clifford 'E. Lanneborg and Patricia Lunheborg

Problem_

Beginning .highschacil (BS) juniors tested in 1970 all:

partioipants iA?:the Washington Pre- College -(WPC) Testing Progrmaltho-
.,

indicate theiL intend to-obtainat least a bachelor's degree receive
,

as.part of;thair idance Report* "College Area Similarity Profile:"

, These pro_ Ware based fon a discriminant function analysis BS'
. f

grades and AptitudefaChievement teat scores for 1392 University of
ee

Washington (7W) students who graduated in June 1969 in siXikajor 'wear-

humanitielI,"Physical science, social science, business, 'biological science,

.and engineering (Lunneborg 6'.141Onebarg, 1970). Ai the:time similarity

repIrtinere introduced, the expectation was that these profiles would be

sharpened', 4eo irbecame possible to add test scores frog the Vocational

Interest Inventory, or VII-aunneborg, 1975b to-the discriminant funOtiong.

It iswell'known that occupailanil choice or choice of college maSor is

less amll'disoriAinaead on the basis of_cognitive tests than on.the basis
,.1

of inteteit tests (Stahmann, 1469). Thus, it Was, expected that 'the .

limiteddiscriminability based On.the WPC data alone would be significantly

enhanced later. -.

The first sizable group/ of student* to enter" 13W who had VII data

graduated- U. JUne1975:- (having been-tested-As- RS-juniors vEmIng 1970),

Ail* the various major groupings-a:Ong. thesawilr-have to hat* added-66-
..

them June 1976:graduates (eaOy of the saiples areamell)., it was impor7

int:to conduct ihAearliest possible ahalysis of the contribution of
J

interests to this vory.important,are* of decision- making - -What to major

'in? --I'.

4.second motivation for the present _study was to overcome some of.

the problems associated Withinterpretintsimilarity profiles of the kind .

-presented by WPC: -:The Student Gaide 140hington PreCollig-A:Testing
.

Program,' 1975), explains /the Cuidancelepoit feedbackwhich consists of
A rasping of eachof the_six_broad_eiand.a-verbal -designation

-
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for each of high, =,!ie:,.._1,3-sissilarity,130.th.:_types
of feedback are based upon he cioieaess _tit 4. siddedtla:--twv.,:Ascriminant

function scores to..the average discriminant lunction" scores earned by

graduatei in each of the sill groups., The discriminant function scares .. .

_earned_ by _thegraduates-in any one of --the groups- -are -distributed about

this average an a student's to the' group 'depends upon where, .

thet.student's score is Iodated in that distribution.- If the -student is
. -

so faraway _that, .indeed, more than 75% of the graduates are closer to

. the average,, then the stuclent bears only" "very slightusimilarity to that .

major group. If 50-75% of graduates are closer to the average,- the sin-.

dent is "slightly" similak; if -25.;50%. are closer, the 'student is "moder-

ately" similar-; and, laitly, if fewer than-25% of graduates'are Closer,

the student is designated as having "high" similarity to graduates of that

area.
.

Although reporting theseeverbal descriptions accord with

earlier recommendations (Lunneborg. 'Et Lunneborg, 10.0); the -Very special

nature 'of discriminant-function scores is lost sight -of, resulting in

considerable'misinterpretation... Discriniinant functions are derived 'not.

to-typify-any-troup-T-bdt-td7Atabunt for diff_erenceween groups.

Thus, discriminantnant function scores cannot'be used to say- 'whether a student

is similar to a group or not, but rather to say whether a student is more

similar to one -group- than to anothe4i: For example, it is quite possible
. .

for a promising university entrant to be presently labeled-as- linly; vety
slightly similar to all of the -six areas.. This sometimes i.s 'inte_rpreted_
aii meaning, tilit the student_IS not _liiceeny _o .-the groups..----It.-ihonld be
interpreted instead m.eaning..that the ituden ;Is not moke.like one. of
'the groups than the other's, '.-This.itudent is equally like all :groups

rather than uhlike'all groups,, .While -.the praa4ce--'9t
:f30r0.-1118:±ank44113s.

-does reflect the notion of relative closeness to.MajOr gioups-,, it fails.
to suggest where differences in rank torreipoilds to substantial 'differences

'" :. in-Cledeneiii SO 'alio .4.an be a- our.de of misinti retatiOnt Thus; the.. _
feedback of diadtiMitiadt.:funcitc* results s in- equall.Y.isportant_.

aspedt .of the !'similsrity- pFOfilen to be ,improved-..

. _
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S sects.ects. .0f the 3,000 first year Ituient; IN autumnautumn 1971'. .
w ho had taken the. WO hattery'apring=1970, 1633 were ,rigiatered three , '

. ., ...years later, spring ;1974, and had 90 ;or more credit hours (junior, standing)./et . .
--;---_-=-1Thrivsluitile-Tealtsilhed-452-fikiiiIiie-guid -hid- a mean age at time of testing ofi

.16.5." By spring 1975-,graduatiah hadbeen achieved-by 809 students, and it
. . ... .\ is theise graduates -who were etudiyed here.'_

Mayors. -. Of the 809 _who graduated, however, only 552 participated- in
the diecriainsint function analyses. Eliminated were students in areas.

with fewer than 25 graduates. The final set of eleven majors with Na 'in .

*garentheseswere: biological sciences (66), engineering (54), 'fisheries/
'fOrestry (30), health proiessions 44), humanities (59), 'arts (30), politi7,

dal science (26), yhytiical sciences (51), business administration (116),
cosimmicatiOns (37); and nursing (39). Earlier analysit resulted in the *.
exclusion of psy.C.hology and social welfare as majors, and of the broad', ,.
area of'sacial science, becaUle these three roups could not be well dif-.
ferentieted from the others. Not included, too, were students from the
College- of Education becakuje_of their great diversity. 4. ,

- T

Predictors. c- reduce redundancy -not all of the WPC variableE(7.. ,

GPA's, 7 Verbal score's, .6 quantitati4e scores, spatial ability ands mech
. aziical reasoning) were utilized. Based an their correlationag.with loth '
acad4mic and. nonacademic four -year criteria !-rd colleges performance - .. . t .. . ,
' (Lunneborg, 1975a), the following seven OCpredietars wiere --se.1:ected for
disCriminant_fUnction,analyais:-._ .overa30.-+S,41*; 17140111417-:(0); -intl-84'
Usage (EU), QUantitative;-SIctlls Tatal-,(QS),-MathimsatiCe AChievement (MA), '
Spatial Ability (SA) , and Mechanical Reasoning (maii. Th.lt.e OI..contributedr,;'
another eight predictors;. acoree. in Service (Sigi),RUsinessContact- 64,, ... ..
Organization (ORG), Teihnital.-( C) ,e Outdoor (OPT F; ,fence (S'C_X) ,N! Peneiai ''''

. .

,. . .
a 0 .,

C44, 414 ;'( cli0,0 and Arte.And Entertainment (Ann'. , , ..!, -_... ,1,-
- 4 fi..:,. - . . . - ' . -.Analyses. -Three.'fieparate discriminant function :04)410, Ware _ .. ,

A ' A- t.
C OnflootO to differentiate_the -eleven major-granpa: wing WPC /viable:4i'

. ,
....,.,tilcnie-,2ITT- scores- alone, and WPC: and =VII v,ariablew tottattek. -,

.
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Results,
-Talt- re71. lifesents the means with standard deviations in parentheses

°of the fifteen predictors firr..the..eieVen majors. The highlights for each -
group can be summarized as follows: Biological Science majors were high
on HS CPA, Quantitative Skills, MathematicsAchievement, and SC!. The

outstanding scores for Engineering majOrs were MR, ;QV, and TEC interest,

. Like the two previous groups, Fislieried/Forestry majors were high in
Quantitative Skills, and unlike all other groups, their Outdoor interest
was very elevated. The Health professions were characterized by higkilS '

- CPA and civiitterest but contrast with Physical Science Majoigi who were
higher on all WPC variables'and in Set ilIerest. bitt whose SER, interests

..
were 'very low. The humanities majors were high in VocabOlary and latfin . .

-
'.....

Spatial Ability and, not surprisingly, their highest yil area waiCUL. ,-
.

Arts asajors had high ART and l'ciw TEC interests, while Political. Science
.,
graduates had the lowest HSGPA, Mathematics Achievement and -Spatial

'-
Ability scores. Political Science graduates also had. the highest interest
in Business Contact anc,the lowest -interest in Science. Business Adstinis-
tratioa majors did better-on tb;:e Quantitative Skills test than the other

:

WPC variablea,and were ciiiricterize_d_b/_ high OW and_low_0171_interests.

- .

-r

donswiteittions graduates werevery similar to-Political Science graduates 5
Although they .had. even loWerOUT interest. 'Nursing raduates,
were low on QUantitatiire Skills and Mechanical Reasoning compared to the
oth?r groliPs,. at the same time having the highest SER scoric:and were low
in TEO interest.,

The discriztkluint functioli aialysis in which WPC- Variables- alone were'
utilized resulted in three significant' functions, accounting in turn .for
65%, 19%, and 8% of between grOup variability. The .first function was
roughly typified as a quantitative Vs, verbal...distension with engineers
and Physical scientists 'at 'one end,yind humanities, arts, and nursiitg.
majors at the.otherend, -The -second -funetion-is--harder,t0.--describe, but
it -discriminated most sharply nursing -,and health- professions.,(perhaps
because' of high HS '6'PAS) from political science (higklacabuiirY) "and
engineering. -(higii 14echaniCal'ietisoning) majors.: 'These 'threes
fUnctic*PcOritcgik.,C1-0040P, 27% of, the,'55.* ,graduates,- i.e._, their

;discriminant funCt,ion-seares-vere- closer-to-the ,average-of.,their- grdOp"-
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than to the average for any other group. While this seems like a small

number, it should be contrasted with assignment at random which would be

1 out of 11 or 92: For the individual groups accuracy of classification.

ranged from 5% fox Communications and 7% for Arts to 54% for Nursing and

,59% for Engineering. The average of these individual group percentages

was 2§%.

When the VII scores alone were the predictors, five significant

functions resulted. They accounted in turn for 41%, 40%, 13%, 7%, and 6%

of between group variability. The first contrasted SCI and TEC scores

with CUL and ART, placing Engineering and Physical' Science furthest away

'from Arts and Humanities. The second aiscriminant function gave negative

weight to TEC and ORG, and positive weight to SCI and SER. The majors

most separated here were Engineering and Business from Nursing and Health

Professions. The number of correctly classified,majors in this analysis

was better than using WPC variables alone, 30%. For individual groups

accuracy ranged from 12% for Physical Science to 607. for Arts; the average f

over all groups was 32Z.

Combining WPC and VII predictors resulted in,five significant

functions, accounting for 45%, 24%, 13%, 6%, and 5% of'between group

variability respectively. The first three functions accounted for the

bulk of this variability and the standard and raw weights associated with

each are given in Table 2. The raw weights cgh-be used to compute dis-

criminant function scores for new cases and form-the basis for modifying

the present WPC similarity profiles. Because of differences in scales

used for the several predictors, raw weights are not easily interpreted.

In contrast, the standard weights, also given in Table 2, are the weights

which would be appropriate if all predictors had theme means and vari7

ance. Even these weights, however, make description of the discriMinint
....

'',.._.,
.

functions difficult in that the magnitudes and even the algebraic Signs

of them area function of the interrelptions among the predictors. Con-
_

Bider the standard weights for MR, SER, and TEC on the first discriminant
q

function. One would be inclined to interpret the weight of .90 for SER

as signifying that its contribution to the discriminant function was

intermediate to that of .41 for MR and 1.40 for TEC and in the same direc-

tion. Since SER is negatively related to both MR and 1EC, ho

(
ever, any

N.'

9
/

ff.
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1

Table 2

Standard and Raw Weights for First ThreelDiscri unctions

Using WPC and VI'I Variables to Predict Cr. uating Majors,

Functions

Standard weights Raw weights
' Variable

.1 2 3 1 2 3
r

HS GPA .07 .33 .37 18100 .84477 -.948604.

vd , -.:01 .15 .49 -.00119 .01696 .04579
/

. EU -:38 -.07 .16 -.04030 -.01009 .0221+7

QS ,0/.21 .16 -.32 .02221 .01682 -.03399/

MA .32 -.23 .20 \ .05374 -.03789 .03392

SA .14 .18 -.19 .01486 .01953, /-.02063

---23

.41 -.42 .41 ,403770 -.03868 .03764

SER .90 .38 .36 .09658 .04042 .03805,
.1t.

11
BUS . 1.21 -;05 .88 '.108 -.00477 .07926

ORG 1.21' .00 .40 .11612 / .00037 .03882
4

TEC .1.40 -.02 , .7a .15983 -.00250 .0P880

OUT 1.23 .26 1.25 , .11789 .02486 .11969

SCI 1.61 .80 1.00/ .14688 -.07318 .09157!,

CUL .94 -.19 .91 .09252 -.01853 .08895

t
.

ART .90 .20 1.11 .08974 .02030 .11059

Additive constant i -52.07470 -7.95215 -34.01080

7

1 0

X.
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interpretation based on this reading of the standard weights would -Mai,

be erroneous. If one keeps in mind that disCriminant functions are essen-
-*

tially factors, their interpretation is more nearly correct if the same

strategy is adopted for them as for the results of a factor analysistt

Factors-are commonly described in terms of their correlations with the

original variables.' Table 3 gives the correlations of each of *the three

discriminant functions with the WPC and VII variables.

The first discriminant function, then, seems interpretable as a .

technical- quantitative dimension. The second discriminant function is

close to the SCI vs. BUS dimension found re atedly in the VII XLunneborg:.

1975b). The third discriminant 'function with positive loadings on VO, OUT;

and,' to'a lesser degree, Nit and ART, and with negative loadings onORG,

7r-\, and BUS, is not easily typified.

The average scores for the major grpups on each of the discriminant

functions are given in Table 4 and the first two are depicted in FigUre 1.

Looking a4 figure 1, 9n the one end of the first function are physical

scientists and engineers, at the other end arts and humanities majors. At

the one end of the second function are political science and business, and

at the other end nursing and health professions. The third function gives

low scores to business and nursing and hi scores to fisheries /forestry

and arts suggesting' that the third dimens is somewhat related to the

VII factor, ORGvs. OUT. Table 4 is to be used with the raw weights in

1Table 2 to develop similarity profilds'for'individual students taking the

WPC battery. ,

The combined set of VII and WPC variables correctly classified 36%

pf the cases. The accuracy for individual'groups ranged from 15% for

humanities to 67% for engineering; the average over all groups was 37%.

Table 5 illustrates the predicted group membership for memb4rs Of the

,,A eleven major groups. Proceeding from Group 1 down, the major misClassifi.-

cation for BIO SCI was ip the placing of 11 graduates in PRY SCI. For

. both ENGR and FISH/FOR there were no major problems of misclassification.

For HEALTH, however, nearly as many graduates were placed in NURSINGas

in the. correct classification. Taken together, the misclassifications for

both BIO SCI and HEALTH are logical and 'consistent and present no =for

11



9

Table 3

Correlations of First Three Discriminant Functions with

WPC and VII Variables

HS GPA

-, EU

QS

MA

SA

MR

SER

BUS

ORG

TEC

CUL

Variable

ART

Discriminant Functions

First Second Third

25 .32 . -12

06 08 45

00 08 4 27

67 00 05

69 -06 09

51 10

74 -27 36

-40 1412ftosiA'' -34

-55 -23.

08 --42 -56

62 -18 12

36 42

51 68 14

-26 -35 04

-36 06 , 34

Note. Decimal points. omitted. Underlined are correlations greater
A .-

4than 1.401. Correlations based on 804 gr4ung seniors.
. .

dati i / N,,,'

4

12

"
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Table 4

Average Discriminant Function Scores for EleVen Major Groups

Function

Group First Second Third

BIO SCI .36473 .68724 .24565

1.46744 -.61469 .19534

FISH/FOR .24086 .20677 .68423

HEALTH .16300 .87501 7.37961

,1'
,

'1HUM -1.11187 -.06854 .38683
1-;"'.,

ARTS -1.19212 / .16185 .55720

POL SCI -:86544 -.83491 .38618
-...,

PHY SCI 1.27759 .23833 .24522

BUS ADM -.01445 -.59361 -.61124

. COMM -.85275 -.57448 .14210

NURSING -.66088 1.07661 -.69294

13
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Table 5

Frequencies for Predicted Major Groups Based on

Three Discriminant Functions

Predicted group

12

Actnal

group
2 3 4 5 6 7 8 Y 10 11

1 BIO SC' 16 7 5 8 4 9 1 11 1 0 4 66

2 ENGR 0 36 3 2 0 1 1 6 5 0 0 54

3 FISH/FOR 0 3 13 1 0 4 2 3 3 0 1 30

4 HEALTH 2 2 3 12 0 . 3 2 5, 3 1 11 44

5- HUM 1 3' 7 2 9 13 7 0 4 6 7 59

6 ARTS 3 2 2 1 '2 13 4 0 0 0 3 30

7 POL SCI 0 0 2 0 1 5 11 1 1 5 0 26
0

8 PHY SCI 3 11 9 5 .0 0 1 16 4 0 2 1, 51.

9 BUS ADM 2 16 9 8 2 8 8 4 41 10 6 116

10 COMM 2 2 . 4 0 5 3 9 1' A 8 -1 37

11, NURSING 4 0 2 4' 2 2 0 0 3 22 39

Note. Based on 552 aine 1975 UW graduWng seniors using WPC.and VII

- variables in calculating the discriminant,functi4ns. Underlined are the

"correct" classifications.
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I.
problem in guidance practice: Group 5, HUM, on the other hand, had more

graduates placed in ARTS, which, while a "sensible" m/Sclassification,

nonetheless, represents a primary area for future improvement.

While HUM majors were misclassified as ARTS, the riverse was not

true and ARTS graduates, as those in POt SCI, ere not subject to sys-

tematic misclassification. An appreciable number of PHY SCI graduates

were understandably misclassified as ENGR. .The greatest number of mis-

classifications for BUS ADM was also in ENGR, not as comprehensible, but

based on the shared organizational interests of the two groups. COMM

graduates were more )likely classi-ied as POL SCI, which like the problem

with HUM graduates is a "sensible" ossification, at the same time

that it is an important area for fu e research. Table 1 illuisates

likeness of COMM.and POL Sc'; their profiles of,abilities and interests

are almost identical. The last group in Table 5, NURSING, represented c

major pr4lem in'classification.
,

.

Discussion

As a final'dheck befora implementing these results, the discriminant

functions developed here will be cross-validated against the majors of

students who entered the University a year later, autumn 1972, as listed

by the Registrar autumn 1975 (the start of their "senior" year). (Still

later, when these 1972 entrants giaduate the discriminant functions can

be redone so that they are based on larger groups of graduates.) In.the

meantime, however, the results presented here can b4 used, starting with

HS juniors tested spring 1976, to replace the current WPC.simarity

profile. To do so requires that the raw weights of Table 2 be Multiplied

by WPC and VII scores to define three discriminant function scores for

each individual. These discriminant function scores are'in turn used to
7114 .

Chi-square is computed by finding the sum of'squards of the differences
,

between an individual's discriminant' function scores and.the average scores

for a particular group. These aWbrages or centroids are g en in Table 4.

An illustrative example is the following 16-year-ol female tested

in 1975 with the following scores on the 15 variables list In Table 2:

HS GPA, 3.95;' VO, 71; EU, 66; QS, 61; MA, 571SA, 40; MR,,..39; SER, 57;

13

calculate eleven chi- squares, one for each major group. A tyRical

16
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BUS, 34; ORG, 43; TEC, 39; OUT, 40; SCI, 50; CUL, 81; ART, 61. (She

indicated a planned major in education with postgraduate work but no

degree.) To cdlculate the discrimipant functions using Table 2, bF 1 =

(3.95,A .18100) + (71 x -.00119) + + (61 x .08974) + (-52.07470)'1

- 2.17222. Dr2 = (3.95 x .84477) + (71x .01696) + + (61 x .02030) +

(-7.95215) = 0.51282; DF 3 = (3.95 x -194360) + (71 x .04579)

(61 x .11059) + (-34.01080) = .79232. Then, the chi-squares for each of

'the groups from Table 4 are calculated as follows: BIO SCI = (.36473 -

(- 2.17222)/2 + (.68724 - (.51232))2 + (.24565 - (.79232)/2 = 6.765. This

student's chi-square values ordered from smallest to largest were:

ARTS

iltTh

1.139

.1.627

COMM 1 3.346

POL spi 3.689

NURSING 4.808

FISH/FOR 5.928

BUS ADM 6.508

BIO SCI 6.765

HEALTH 6.958

PHY SCI 12.276

V , ENGR 14.875

-

1'

How can these data best be presented so that this student is led to

see where she is in the space which discriminates among successful grad-

uates in the different majors? Because the use of scores for the majors,

whether chi-square values or centour scores or indeed even verbal score

descriptions, leads to assigning low "similarity" scores to 'all students

who depart from the average group perforhance for a given major (regard-

less of whether that departure reflects greater or lesser ability and/or

inte008t than the average person in that majoi; guch, scores cannot avoid

being misunderstood. As an example, looking at the standard weights in

Tablg,2, a student with very high MR and SCI scores could obtain discriin1

nant function scores so far removed from the average scores for the ENS

group that the student would be typified as dissimilar to ENGR (in addition

to all the other groups). In fact, this student exceeds engineering

17-
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graduates in the very aptitudes and, interests that differentiate engineers
4

from other graduates.

These problems can hopefully be overcome by a graphic presentation

supplemented by a report of the ordering of computed chi-squares. The
P."

first aspect to the graphic illustration is contained in Figure 2 and the

student whose chi-squares were reported is used here as an example.

Plotted in Figure 2 is her position in two-dimensional space based on her

first two discriminant functions called here "profile scores." Additional

information to be gained from her third profile score (.79) is provided

in Figure 3 through a 1-dimensional array of the major groups in t4rms of

their avergie scores on the third discriminant function. Students should

be advised that the first two "profile scores" will probably provide the

most imp tent guidance information re: majors to be considers, ut01 hat

should ey be equally closeto two or more majors, the contehof re

3 may a helpful. For example, a student with DF 1 = -.5 and OF 2

is cl se to BUS ADM, COMM, and POL SCI, and Figure 3 would iieilitat the

discrimination of BUS ADM from the other two majors. Notice that i Fig-

ures 2 and 3 it ii suggested that,the profile scores, ranging in to norma-

tive p51561fition about zero, be reported Cstandard score fo

ranging. about 50.

Notite that the three profiles are elaborated by brief verbal

deicliptioni at their extremes based on the correlations of Tab e 3, with

Apt indicatih$ aptitude, Int indicating interest. The descrip ons are:

High ,- High
QS, MA, SA, Mk Apt EU Ap
TEC, SCI Int SER, CUL Int.

EP Apt
SER, ART, CUL Int

HAV3
MK Apt
,tUS, ORG, CUL Int

Profile 1

Profile 2Low
HS GPA MR t
SCI Int BUS, ORG,'CUL Int

Low
QS, SA, MR Apt
TEC SCI Int

High
HS A'
SCI Int

18
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High
HS GPA
SER, BUS, ORG Int

4t1

Low,
VO, MR Apt"

OUT, ART Int

a

Profile 3

.

1

16

High
VO, VER Apt

OUT, ART Int
111

Low
HS GPA
SER, BUS, ORG Int

The graphic presentation summarized in Figures 2 and 3 for the student

example would a accompanied by a list of the eleven majors ordered by the

increasing magnitude of the computed chi-squares. Thus; the student

example is most like ART and HUM graduates and least like PHY SCI and ENGR

in terms of the aptitude and interest measures that discriminate between

these groups.

The elements in the feedback system thus include three "profile

scores" in WPC standard form, a graphic presentation on which students

plot these three profile scores called Plot of Aptitude and Interest

Profiles for Typical College Graduates, and a rank ordering Of the eleven

college majors which could be labeled List ofMajors Ranked by Closeness

to Your Profile Scores.

Perhaps the best way then to direct students to use this feedback is

to have them begin by plotting their first two profile scores. Second,

the ordering or the eleven majors should be consulted and the student

asked to think about the match between the place he/she occupies on the,'

plot and the way the majors have been ordered. In the present example, -

the student would find that she is imoth est to ARTS and,HUM on the

plot and that these two majors are at th top of her list. However, when

the plot and list do not agree, then students should plot their third

profile score. (In general,.the third profile will not be valuable to

students whose plots on the first two profiles place them outside the clus-

ter of group averages.)

The profile scores with student hand-plotting is Only one of several

ways the data could be returned. It would be possible to have the plots
1

automatically prepared as part of the Guidance Report. A decision here

Q1 may rest on whether it is considered desirable to provide profile informs-

tion for all IOC participants or only those who indicate they intend a

bachelor's degree.
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High
VO,MR_Apt

.OUT,ART Int

Low
HS GPA
SER,BUS,ORG Int

60(1.0)

(.75)

55 ( . 50)

xStudent

FISH/FOR

',ARTS

HUM POL SCI

v

(.25) BIO SCI "PHY SCI
ENGR
COMM

/50 (0)

High
HS GPA
SER,BUS,ORG Int

Low
VO,MR Apt
OUT,ART Int

Figure 3,--Graphic feedback for student example with DF 3 t 58 (.79).

45( -.50)

40(-1.0)

HEALTH

*BUS AD

,NURS
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These recommendations on the presentation'of discriminant function

results borrow heavily on the excellent report by Dale Prediger (1971)

desckibing a similar computer -based system for converting test data into

useful counseling information for deciding among different OUcitional

programs.

r-\
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